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[ACM MM 2019] J Zhang, L Niu, D Yang, L Kang, Y Li, W Zhao, L Zhang. GAIN: Gradient Augmented Inpainting Network for Irregular Holes. [PR 2023] W Wang, L He, L Niu, J Zhang, Y Liu, H Ling, L Zhang. Diverse image inpainting with disentangled uncertainty.
[ICCV 2021] *W Wang, *J Zhang, L Niu, H Ling, X Yang, L Zhang. Parallel Multi-Resolution Fusion Network for Image Inpainting. [CVPR 2022] W Wang, L Niu, J Zhang, X Yang, L Zhang. Dual-path image inpainting with auxiliary gan inversion.
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[ACM MM 2023] J Gou, S Sun, J Zhang, J Si, C Qian, L Zhang. Taming the Power of Diffusion Models for High-Quality Virtual Try-On with Appearance Flow
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Arxiv: Virtual Accessory Try-On via Keypoint Hallucination; Dynamic Automatic Natural Image Matting with Refined Guidance and Consistent Training; Self-Supervised Vision Transformer for Enhanced Virtual Clothes Try-On
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Arxiv: User-Friendly Customized Generation with Multi-Modal Prompts;
[ECCV 2024] ComFusion: Personalized Subject Generation in Multiple Specific Scenes From Single Image;

[CIKM 2024] Assessing Image Inpainting via Re-Inpainting Self-Consistency Evaluation;
Arxiv: No-Reference Image Inpainting Evaluation Via Patch Homogeneity Assessment
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» Computer Vision: Algorithms and Applications Richard Szeliski
« CS231n at Stanford

* Introduction to Computer Vision CS5670 at Cornell

« CSW182/282A at UC Berkeley

* Modern Computer Vision and Deep Learning (CS 198-126) at UC
Berkeley
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http://szeliski.org/Book/
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Source: Nayar and Nishino, “Eyes for Relighting”
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Source: Nayar and Nishino, “Eyes for Relighting”
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https://www.bilibili.com/bangumi/play/ep28950?t=717
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What You See (with Your Eyes) i1s What You Get?

AV
/N /N

https://en.wikipedia.org/wiki/MUler-Lyer_illusion



https://en.wikipedia.org/wiki/Müller-Lyer_illusion
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Source: “80 million tiny images” by Torralba, et al.
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Fast R-CNN

Log loss + smooth L1 loss

Linear +
softmax
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Faster R-CNN
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Image credit: COCO dataset
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http://graphics.stanford.edu/papers/hdrp/hasinoff-hdrplus-sigasia16-preprint.pdf
https://research.googleblog.com/2017/10/portrait-mode-on-pixel-2-and-pixel-2-xl.html

4% AL B 2 A8

o B.% HAFRI AT 42 (“Personalized Controllability”)



» ;IJ
AN 5T A R A
J2 I ANTT A B

[ T A
: i B
15X A R ) e A iR
o X LA A




MGAN 2| Diffusion Models

GAN

Diffusion
Models
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Model Source: FLUX
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https://openai.com/sora
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